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Abstract: This research examines the role of Artificial Intelligence (AI) technology in supporting eco-

tourism and its implications for change management and human resource performance in the green 

economy era. Using a sequential explanatory mixed-method approach, data were collected from 500 

survey respondents and 25 interview participants across five Asian countries (Indonesia, Thailand, Ma-

laysia, Vietnam, and the Philippines). The theoretical framework integrates Ability-Motivation-Oppor-

tunity (AMO) theory and Technology Acceptance Model (TAM) to explain the adoption and impact 

of AI technology in Green Human Resource Management (GHRM) practices. The results show that 

the adoption of AI technology in GHRM practices has a positive and significant effect on HR perfor-

mance (β = 0.423, p < 0.001) and eco-tourism sustainability (β = 0.387, p < 0.001). Perceived ease of 

use and usefulness prove to be significant predictors of AI technology adoption, while organizational 

readiness and cultural context serve as important moderators. Multi-group analysis reveals significant 

variations across countries, with Indonesia and Malaysia showing stronger impacts compared to Vi-

etnam and the Philippines. Qualitative findings identify specific mechanisms of AI integration in 

GHRM practices as well as implementation challenges and success factors. This research contributes 

to the literature by integrating three domains (AI technology, GHRM, and eco-tourism) and providing 

a framework for AI technology adoption in supporting GHRM practices and eco-tourism sustainability 

in the Asian context. 

Keywords: Artificial Intelligence; Green Human Resource Management; Eco-Tourism; Change Man-

agement; Sustainability 

 

1. Introduction 

The green economy era has become a major driver of transformation across various indus-

trial sectors, including tourism, which is currently undergoing a paradigm shift towards more 

sustainable practices [1]. Eco-tourism, a form of tourism that emphasizes environmental 

conservation, community empowerment, and responsible travel experiences, is gaining in-

creasing importance amidst growing global awareness of climate change and environmental 

degradation [2]. Simultaneously, advancements in Artificial Intelligence (AI) technology pre-

sent new opportunities to enhance operational efficiency, visitor experiences, and sustaina-

bility within the tourism sector [3]. This study focuses on the role of AI technology in sup-

porting the development of eco-tourism and its implications for change management and 
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human resource management (HRM) performance in the green economy era across several 

Asian countries, including Indonesia, Thailand, Malaysia, Vietnam, and the Philippines. 

Tourism is one of the largest economic sectors globally, contributing significantly to national 

income and employment generation in many Asian countries. However, conventional tour-

ism has often been criticized for its negative environmental impacts, such as increased car-

bon emissions, ecosystem degradation, and unsustainable resource use [4]. According to the 

World Tourism Organization (UNWTO), the tourism sector accounts for approximately 8% 

of total global greenhouse gas emissions and is expected to continue increasing without sig-

nificant intervention [4]. 

In Asia, countries with popular eco-tourism destinations such as Indonesia, Thailand, and 

the Philippines face serious challenges in balancing economic growth through tourism with 

environmental conservation and local community welfare. Although eco-tourism has been 

promoted as a solution, its implementation is often hindered by inadequate infrastructure, 

limited human resource capacity, and gaps in environmental impact monitoring and man-

agement [5]. 

In recent years, AI technology has emerged as a transformative tool for addressing these 

challenges. As outlined by Wang et al. (2023), AI can be utilized to optimize resource man-

agement, monitor environmental carrying capacities in real-time, enhance energy efficiency, 

and provide personalized tourist experiences without compromising sustainability[6]. Nev-

ertheless, the adoption of AI technology in the eco-tourism sector in Asia remains limited 

and uneven, with significant disparities between major tourist destinations and underdevel-

oped rural areas [7]. 

Meanwhile, transitioning towards more sustainable tourism practices with AI support neces-

sitates fundamental transformations in human resource management. Green Human Re-

source Management (GHRM) has emerged as a strategic approach that integrates HRM 

practices with environmental sustainability goals [8]. Research by Kim et al. (2019) indicates 

that GHRM practices, such as sustainability training and incentives for environmentally 

friendly behavior, can enhance employees' pro-environmental behaviors and improve organ-

izational environmental performance within the hospitality sector[9]. 

However, the implementation of AI technology in GHRM practices to support eco-tourism 

introduces new challenges in change management. Research by Zhang et al. (2022) identifies 

employee resistance, digital skills gaps, and job security concerns as major barriers to AI 

adoption in the tourism sector[10]. Moreover, within Asia’s diverse cultural context, factors 

such as social hierarchy, collectivist values, and varying levels of technological readiness sig-

nificantly influence how AI technology is accepted and implemented in GHRM practices 

[11]. 

Research on the integration of AI technology into eco-tourism and GHRM practices is be-

coming increasingly urgent for several reasons. First, the COVID-19 pandemic has acceler-

ated digitalization within the tourism sector and shifted tourist preferences toward more 

sustainable and less crowded destinations [10]. Second, global commitments to the Sustain-

able Development Goals (SDGs) and the Paris Agreement on climate change are pressuring 

the tourism industry to reduce its carbon footprint and enhance sustainable practices [5]. 
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Third, rapid advancements in AI technology create new opportunities to enhance efficiency, 

sustainability, and competitiveness in the eco-tourism sector [6]. 

In Asia, this urgency is further amplified by increasing environmental pressures from over-

tourism at popular destinations, growing awareness of biodiversity conservation, and the 

need to empower local communities through sustainable tourism [12]. According to Tandon 

et al. (2023), Asian countries with vulnerable ecosystems, such as Indonesia with its tropical 

rainforests and the Philippines with its coral reefs, must urgently adopt innovative eco-tour-

ism management approaches to prevent irreversible environmental damage[13]. 

Despite significant growth in research on GHRM and eco-tourism separately, important 

gaps remain in understanding how AI technology can be integrated into both areas to create 

effective synergies. The identified research gaps include: 

1. Most studies on AI technology in tourism focus on marketing aspects and tourist experi-

ences, with limited attention to the role of AI in enhancing environmental sustainability and 

HRM practices [9]. Scholtz and Matunhu (2023) highlight that research linking AI technol-

ogy and eco-tourism remains at an early stage, with limited empirical evidence regarding its 

impact on sustainability indicators[14]. 

2. While research on GHRM has expanded in recent years, it largely focuses on the manufac-

turing and general service sectors, with limited contributions in the eco-tourism context [15]. 

Nisar et al. (2021) note that although GHRM practices are increasingly adopted in the hos-

pitality industry, research on how these practices can be tailored for eco-tourism remains 

scarce[16]. 

3. There is a geographical gap in research on AI technology and GHRM within eco-tourism, 

with most studies conducted in developed countries and limited attention to developing 

countries in Asia [17]. Research by Siyambalapitiya et al. (2018) shows that the unique cul-

tural and institutional factors in Asian countries require customized approaches in imple-

menting GHRM practices[17]. 

4. Research on change management in the context of AI adoption for eco-tourism is still lim-

ited, with little understanding of how tourism organizations can effectively manage the tran-

sition towards AI-supported practices while maintaining a focus on sustainability [6]. Lu et 

al. (2021) note that research on factors facilitating or hindering AI adoption in eco-tourism 

in Asia remains in its early stages[7]. 

5. Although the Ability-Motivation-Opportunity (AMO) theory has been applied in GHRM 

research [8], there is still a gap in understanding how AI technology affects the AMO com-

ponents within the eco-tourism context. As explained by Pham et al. (2020), further research 

is needed to identify how AI technology can enhance employees’ abilities, motivations, and 

opportunities to engage in eco-tourism practices[18]. 

Based on the background and the identified research gaps, this study aims to address the 

following research questions: 

1. How can AI technology be effectively integrated into GHRM practices to support the de-

velopment of eco-tourism in Asian countries? 
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2. What are the impacts of implementing AI technology within GHRM practices on HRM 

performance and environmental sustainability in the eco-tourism context? 

3. How do cultural and institutional differences across Asian countries influence the adoption 

and effectiveness of AI technology in GHRM practices for eco-tourism? 

4. What are the main challenges in change management associated with implementing AI tech-

nology in GHRM practices for eco-tourism, and how can these challenges be effectively 

addressed? 

5. What is the optimal model for integrating AI technology, GHRM, and eco-tourism to en-

hance HRM performance and environmental sustainability in the green economy era? 

This research will adopt a mixed-methods approach with an explanatory sequential design, 

combining quantitative surveys and in-depth interviews across several Asian countries to 

answer these questions. As suggested by Li et al. (2021), the mixed-methods approach is 

particularly suitable for investigating the complex interactions between technology, HRM 

practices, and sustainability in the tourism context[19]. The quantitative survey will apply a 

conceptual framework that integrates the Ability-Motivation-Opportunity (AMO) theory 

and the Technology Acceptance Model (TAM) to analyze the factors influencing the adop-

tion and effectiveness of AI technology within GHRM practices for eco-tourism. 

The results of this study are expected to make significant contributions to the literature on 

AI technology, GHRM, and eco-tourism, and to provide practical guidance for managers 

and policymakers seeking to integrate AI technology into eco-tourism strategies and GHRM 

practices within the green economy era. As emphasized by Tandon et al. (2023), an integrated 

approach to technology, HRM, and sustainability is key to maximizing the potential of eco-

tourism in contributing to sustainable development in Asia[13]. 

 

2. Literature Review 

2.1 Integration of AI Technology in Eco-Tourism 

AI technology has become a catalyst for change across various industries, including the tour-

ism sector. In the context of eco-tourism, AI can help create a balance between economic 

growth and environmental sustainability [20]. Kim et al. (2022) identified several applications 

of AI in sustainable tourism, including intelligent recommendation systems to mitigate over-

tourism, visitor pattern analysis to optimize environmental carrying capacities, and real-time 

monitoring of vulnerable ecosystems[21]. 

Gretzel et al. (2020) emphasized that the implementation of AI technology in smart tourism 

destinations can enhance resource management efficiency, reduce energy consumption, and 

provide more personalized visitor experiences[22]. Their research indicated that AI technol-

ogies, such as visit pattern prediction systems and smart transportation solutions, could re-

duce the carbon footprint of tourism by up to 30% in popular tourist destinations. 

Despite its significant potential, Scholtz and Matunhu (2023) found that the adoption of AI 

technology in eco-tourism in developing countries, including those in Asia, remains ham-

pered by infrastructure limitations, digital divides, and a shortage of technical expertise. This 
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creates a research gap that must be addressed through approaches that consider local con-

texts and institutional capacities[14]. 

2.2 Green Human Resource Management in the Tourism Industry 

Green Human Resource Management (GHRM) has emerged as a strategic approach to in-

tegrating HRM practices with sustainability goals. Nisar et al. (2021) found that GHRM prac-

tices, such as green recruitment, sustainability training, and rewards for pro-environmental 

behavior, positively influence environmental performance in green hotels in Malaysia[16]. 

Their study also revealed that green intellectual capital and pro-environmental behavior me-

diate the relationship between GHRM and environmental performance. 

Meanwhile, Palupiningtyas et al. (2025) analyzed the impact of GHRM practices on young 

employee retention and performance in Indonesia’s hospitality industry[8]. Using a Struc-

tural Equation Modeling (SEM) approach, their research showed that GHRM practices im-

prove talent retention and employee performance, with green training and environment-

based performance evaluations having the most significant impact. 

Although research on GHRM in tourism has developed, Yong et al. (2020), through a sys-

tematic literature review, found that most studies focus on conventional tourism destina-

tions, with limited attention to the eco-tourism context[15]. This indicates a need for re-

search specifically analyzing how GHRM practices can be adapted to support eco-tourism. 

2.3 Change Management in the Adoption of AI Technology for Eco-Tourism 

Digital transformation in eco-tourism requires an effective change management approach. 

Li et al. (2021) explored factors influencing the adoption of AI technology in sustainable 

tourism and found that transformational leadership, an innovative organizational culture, 

and absorptive capacity are key elements for successful implementation[19]. However, their 

study did not specifically address how these factors could be integrated into GHRM strate-

gies. 

Buhalis and Leung (2018) explained that change management in tourism digitalization re-

quires the development of employees' digital skills and the reconfiguration of business pro-

cesses[23]. Their study highlighted the importance of a holistic approach that aligns technol-

ogy, processes, and people. Nonetheless, this research did not specifically examine the eco-

tourism context or GHRM integration. 

Challenges in digital change management in Asia were examined by Sun et al. (2020), who 

found that cultural values such as social hierarchy, uncertainty avoidance, and collectivism 

significantly influence how hotel employees perceive and accept technology adoption[11]. 

Their study emphasized the importance of considering cultural contexts when designing 

change management strategies, although it did not incorporate the perspectives of GHRM 

and eco-tourism. 

2.4 The Ability-Motivation-Opportunity (AMO) Theoretical Model in the Eco-Tour-

ism Context 

The AMO theory has been widely used to explain how HRM practices influence employee 

performance [18]. In the context of GHRM, this theory posits that HRM practices should 
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enhance employees' abilities to perform pro-environmental behaviors, motivate them to par-

ticipate in sustainability initiatives, and provide opportunities to contribute to the organiza-

tion’s environmental goals. 

Research by Palupiningtyas et al. (2025) applied the AMO framework to analyze the impact 

of GHRM practices on employee performance in Indonesia's hospitality industry[8]. How-

ever, the study did not explore how AI technology could be integrated into the AMO model 

for eco-tourism. 

Kim et al. (2019) applied the AMO theory to analyze the influence of GHRM practices on 

hotel employees' pro-environmental behaviors[24]. Their research demonstrated that 

GHRM practices enhancing ability (through training), motivation (through reward systems), 

and opportunity (through participation) positively affect employees' pro-environmental be-

haviors. However, the study did not consider the role of AI technology in enhancing AMO 

components. 

2.5 Research Gaps 

Based on the literature review, several research gaps have been identified that this study aims 

to address. First, although AI technology and GHRM have been individually studied within 

the tourism context, there remains a limited understanding of how they can be integrated to 

support eco-tourism [6]. Second, research on change management related to AI technology 

adoption for eco-tourism remains limited, particularly within the context of Asian countries 

with diverse cultural values [11]. Third, the application of the AMO theory in analyzing the 

integration of AI technology, GHRM, and eco-tourism is still in its early stages and requires 

further development [18]. 

 

3. Research Methodology 

This study adopts a sequential explanatory mixed-methods approach to investigate the 

role of AI technology in supporting eco-tourism and its implications for change management 

and HRM performance. This approach sequentially combines quantitative and qualitative 

methods, where the results from the quantitative phase inform the data collection and anal-

ysis in the qualitative phase [25]. This method was chosen due to its ability to provide a 

comprehensive understanding of complex phenomena, such as the integration of AI tech-

nology into GHRM practices for eco-tourism [19]. 

The conceptual framework of this study integrates the Ability-Motivation-Opportunity 

(AMO) theory with the Technology Acceptance Model (TAM) to explain how the adop-

tion of AI technology in GHRM practices influences HRM performance and eco-tourism 

sustainability. Based on this framework, several hypotheses are developed: 

 H1: The adoption of AI technology in GHRM practices has a positive effect on HRM per-

formance at eco-tourism destinations. 

 H2: The adoption of AI technology in GHRM practices has a positive effect on eco-tour-

ism sustainability performance. 

 H3: The perceived ease of use of AI technology positively influences the adoption of AI 

technology in GHRM practices. 
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 H4: The perceived usefulness of AI technology positively influences the adoption of AI 

technology in GHRM practices. 

 H5: Organizational readiness moderates the relationship between the adoption of AI tech-

nology in GHRM practices and HRM performance. 

 H6: Cultural context moderates the relationship between the adoption of AI technology in 

GHRM practices and HRM performance. 

This study will be conducted in two main phases: 

Phase 1: Quantitative Study 

This phase involves an online survey of managers and employees at eco-tourism destinations 

across five Asian countries (Indonesia, Thailand, Malaysia, Vietnam, and the Philippines). 

The survey is designed to test the research hypotheses and identify patterns and relationships 

among the main variables. The questionnaire is developed based on validated instruments 

from previous research, adjusted to the eco-tourism context [21]; [16]. 

Phase 2: Qualitative Study 

Based on the results of the quantitative analysis, semi-structured interviews will be conducted 

with eco-tourism destination managers, HRM practitioners, and AI technology experts to 

gain an in-depth understanding of the mechanisms and contexts of AI technology imple-

mentation within GHRM practices. This approach enables the exploration of nuances and 

complexities that might not be captured through quantitative analysis [18]. 

The sample for the quantitative phase will be selected using stratified random sampling 

from eco-tourism destinations that have implemented AI technology and GHRM practices 

across the five countries. A total of 500 respondents (100 from each country) will be re-

cruited, including HR managers, IT managers, and operational employees. For the qualitative 

phase, purposive sampling will be used to select 25 participants (5 from each country) 

based on their roles and experiences with the implementation of AI technology and GHRM 

practices [6]. 

The questionnaire for the quantitative phase consists of validated scales measuring AI tech-

nology adoption, GHRM practices, HRM performance, and eco-tourism sustainability. All 

items will be measured using a 5-point Likert scale. The interview protocol for the qualitative 

phase will be developed based on the quantitative analysis results, focusing on areas requiring 

further exploration [12]. 

Quantitative Analysis: Quantitative data will be analyzed using Structural Equation 

Modeling (SEM) with a Partial Least Squares (PLS) approach to test the research hy-

potheses. PLS-SEM is selected due to its capability to handle complex models with relatively 

small sample sizes [26]. The analysis will include the evaluation of both the measurement 

model and the structural model, with tests for mediation and moderation effects. 

The structural equation model can be formulated as follows: 

 

KS = β₀ + β₁AI + β₂GHRM + β₃(AI×GHRM) + β₄KO + β₅KB + ε 

 



Journal of Global Human Resource Management 2025 (July), vol. 1, no. 2, Ray Octafian, et al. 66 of 22 
 

 

Where: KSKS = HRM Performance; AIAI = Adoption of AI Technology; GHRMGHRM 

= Green HRM Practices; KOKO = Organizational Readiness; KBKB = Cultural Context; 

ε = Error Term 

Qualitative Analysis: Qualitative data from interviews will be analyzed using thematic 

analysis with an abductive approach, allowing themes to emerge from the data while being 

guided by the theoretical framework [27]. NVivo software will be used to identify patterns, 

themes, and relationships within the data. 

In the quantitative phase, validity and reliability will be ensured through the use of previously 

validated instruments, pilot testing, and internal consistency reliability analysis using 

Cronbach’s alpha. In the qualitative phase, trustworthiness will be maintained through 

member checking, thick description, and data triangulation [28] 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 1. Research Flow Diagram 

 

Conceptual Definitions of Research Variables 

The following table presents the conceptual definitions of each research variable, along with 

their dimensions and indicators: 

Table 1. Conceptual Definitions of Research Variables 

Variable Conceptual Definition Dimension Indicator 

Adoption of 

AI Technol-

ogy in GHRM 

Practices 

The degree of implementa-

tion and integration of arti-

ficial intelligence technol-

ogy into human resource 

management practices ori-

ented toward environmen-

tal sustainability [6]. 

1. AI-Based 

Green Recruit-

ment and Selec-

tion 

1. Use of AI to 

screen candidates 

based on environ-

mental values2. Au-

tomated recruitment 

systems with sustain-
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ability criteria3. Pre-

dictive analytics for 

candidate alignment 

with eco-tourism 

values 

  

2. AI-Based 

Green Training 

and Develop-

ment 

4. AI-powered e-

learning platforms 

for sustainability ma-

terials5. Personal-

ized environmental 

training programs 

using AI6. Virtual 

reality simulations 

for eco-tourism 

training 

  

3. AI-Based 

Green Perfor-

mance Ap-

praisal 

7. Automated evalu-

ation systems for 

pro-environmental 

behaviors8. AI dash-

boards for monitor-

ing environmental 

KPIs9. Real-time an-

alytics of sustainabil-

ity performance 

  

4. AI-Based 

Green Com-

pensation and 

Reward Sys-

tems 

10. Automated re-

ward systems for 

sustainability initia-

tives11. Predictive 

analytics for green 

incentive effective-

ness12. Personalized 

benefits based on 

sustainability prefer-

ences 

HRM Perfor-

mance 

The effectiveness of em-

ployees in performing tasks 

and responsibilities, includ-

ing their contribution to or-

ganizational goals, sustaina-

bility, and customer service 

[8] 

1. Task Perfor-

mance 

13. Quality of service 

to eco-tourism cus-

tomers14. Opera-

tional efficiency in 

sustainable prac-

tices15. Accuracy in 

implementing eco-

tourism SOPs 
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2. Contextual 

Performance 

16. Voluntary pro-

environmental be-

havior17. Initiatives 

for sustainable inno-

vation18. Collabora-

tion in sustainability 

projects 

  
3. Adaptive 

Performance 

19. Ability to adapt 

to new green tech-

nologies20. Flexibil-

ity in responding to 

environmental regu-

lation changes21. 

Ability to learn new 

eco-tourism prac-

tices 

Eco-Tourism 

Sustainability 

The degree to which a tour-

ism destination successfully 

balances economic, social, 

and environmental objec-

tives by minimizing nega-

tive environmental impacts 

and maximizing benefits 

for local communities [14]. 

1. Environmen-

tal Sustainabil-

ity 

22. Carbon emission 

reduction23. Biodi-

versity conserva-

tion24. Resource ef-

ficiency 

  
2. Economic 

Sustainability 

25. Long-term prof-

itability26. Local job 

creation27. Revenue 

diversification from 

eco-tourism 

  
3. Social Sus-

tainability 

28. Preservation of 

local culture29. 

Community empow-

erment30. Fair dis-

tribution of benefits 

Perceived 

Ease of Use 

(PEOU) 

The extent to which em-

ployees believe that using 

AI technology in GHRM 

practices will require mini-

mal effort [29]. 

1. Usability 

31. Ease of learning 

the AI system32. In-

tuitiveness of the 

user interface33. Ac-

cessibility of AI fea-

tures 
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  2. Complexity 

34. Difficulty of op-

eration35. Time re-

quired to master the 

system36. Need for 

technical support 

  3. Integration 

37. Compatibility 

with existing sys-

tems38. Ease of 

transition from man-

ual systems39. 

Workflow alignment 

Perceived 

Usefulness 

(PU) 

The extent to which em-

ployees believe that using 

AI technology in GHRM 

practices will enhance their 

performance and effective-

ness [29]. 

1. Task Effec-

tiveness 

40. Increased 

productivity41. Re-

duced task comple-

tion time42. Im-

proved decision-

making accuracy 

  
2. Strategic 

Benefits 

43. Contribution to 

sustainability 

goals44. Enhanced 

competitive ad-

vantage45. Support 

for eco-tourism 

strategies 

  3. Added Value 

46. Improved analyt-

ical capabilities47. 

Access to better in-

sights48. Enhanced 

service personaliza-

tion 

Organiza-

tional Readi-

ness 

The degree to which an or-

ganization is prepared in 

terms of infrastructure, re-

sources, and culture to 

adopt AI technology within 

GHRM practices (Wang et 

al., 2023). 

1. Technologi-

cal Readiness 

49. Adequate digital 

infrastructure50. 

Sufficient compu-

ting and data storage 

capabilities51. Data 

security and privacy 

measures 

  
2. HR Readi-

ness 

52. Employees' digi-

tal competencies53. 

Availability of AI ex-
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perts54. Skill devel-

opment programs 

related to AI 

  

3. Managerial 

Readiness 

55. Leadership sup-

port56. Adequate re-

source allocation57. 

Digital transfor-

mation planning 

Cultural Con-

text 

Aspects of values, norms, 

and social practices influ-

encing the acceptance and 

implementation of AI tech-

nology within GHRM prac-

tices across Asian countries 

[11]. 

1. Power Dis-

tance 

58. Decision-making 

hierarchy59. Distri-

bution of author-

ity60. Acceptance of 

power inequalities 

  
2. Uncertainty 

Avoidance 

61. Tolerance for 

ambiguity62. Prefer-

ence for formal 

rules63. Resistance 

to change 

  

3. Individual-

ism vs Collec-

tivism 

64. Prioritization of 

group vs individual 

goals65. Social cohe-

sion within organiza-

tions66. Communi-

cation and collabora-

tion patterns 

  
4. Long-Term 

Orientation 

67. Perspective on 

technology invest-

ment68. Decision-

making based on 

sustainability69. 

Strategic versus tac-

tical planning 

 

Source: Developed from Kim et al. (2022), Palupiningtyas et al. (2025), Scholtz & Matunhu 

(2023), Venkatesh et al. (2016), Wang et al. (2023), and Sun et al. (2020). 

Research Ethics : This study adheres to fundamental research ethics principles, including 

informed consent, confidentiality, and participant data protection. Ethical approval 

was obtained from the institutional ethics committee prior to the commencement of data 

collection [12] 
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4. Research Findings and Discussion 

4.1 Research Findings 

4.1.1 Quantitative Analysis Results 

Respondent Characteristics 

Table 2 presents the demographic characteristics of the 500 respondents who participated 

in the survey across five Asian countries. 

Table 2. Demographic Characteristics of Respondents 

Characteristic Category Frequency Percentage (%) 

Country Indonesia 100 20 

 Thailand 100 20 

 Malaysia 100 20 

 Vietnam 100 20 

 Philippines 100 20 

Gender Male 245 49 

 Female 255 51 

Age 20–30 years 175 35 

 31–40 years 205 41 

 41–50 years 98 
19.

6 

 >50 years 22 4.4 

Position HR Manager 125 25 

 IT Manager 115 23 

 Operational Manager 130 26 

 Employee 130 26 

Work Tenure 1–3 years 135 27 

 4–6 years 215 43 

 7–10 years 110 22 

 >10 years 40 8 

Descriptive Analysis of Research Variables 

Table 3 presents descriptive statistics for all research variables measured using a 5-point Lik-

ert scale. 

Table 3. Descriptive Statistics of Research Variables 

 

Measurement Model Assessment 

Table 4 presents the validity and reliability assessment results for the measurement model 

using PLS-SEM. 

Table 4. Measurement Model Assessment Results 

 

Note: CR = Composite Reliability; AVE = Average Variance Extracted. 

The results show that all constructs meet the threshold for composite reliability (>0.7) and 

AVE (>0.5), indicating good reliability and convergent validity (Hair et al., 2019). 

Hypotheses Testing Results 
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Table 5 summarizes the hypotheses testing results using PLS-SEM. 

Table 5. Hypotheses Testing Results 

Hypothesis Relationship 
Path Coeffi-

cient 

t-

value 

p-

value 

Conclu-

sion 

Variable Mean SD Min Max 

     

Adoption of AI Technology in 

GHRM 
3.68 0.82 1.25 5.00 

- AI-Based Green Recruitment 

and Selection 
3.45 0.94 1.00 5.00 

- AI-Based Green Training and 

Development 
3.82 0.87 1.33 5.00 

- AI-Based Green Performance 

Appraisal 
3.73 0.91 1.00 5.00 

- AI-Based Green Compensa-

tion and Rewards 
3.56 0.96 1.00 5.00 

HRM Performance 3.92 0.75 1.67 5.00 

- Task Performance 4.12 0.68 2.00 5.00 

- Contextual Performance 3.87 0.81 1.33 5.00 

- Adaptive Performance 3.78 0.85 1.67 5.00 

Eco-Tourism Sustainability 3.81 0.79 1.33 5.00 

- Environmental Sustainability 3.90 0.82 1.00 5.00 

- Economic Sustainability 3.76 0.84 1.67 5.00 

- Social Sustainability 3.78 0.83 1.00 5.00 

Perceived Ease of Use 3.56 0.92 1.00 5.00 

Perceived Usefulness 3.94 0.77 1.33 5.00 

Organizational Readiness 3.48 0.98 1.00 5.00 

Cultural Context — — — — 

- Power Distance 3.65 0.87 1.00 5.00 

- Uncertainty Avoidance 3.78 0.83 1.33 5.00 

- Individualism vs Collectivism 3.45 0.96 1.00 5.00 

- Long-Term Orientation 3.82 0.80 1.67 5.00 

Construct Item 
Outer 

Loading 
CR AVE 

Adoption of AI Technol-

ogy in GHRM 
AIHR1–AIHR8 >0.80 0.937 0.712 

HRM Performance KIN1–KIN7 >0.84 0.945 0.739 

Eco-Tourism Sustaina-

bility 
ECO1–ECO7 >0.82 0.934 0.701 

Perceived Ease of Use PEOU1–PEOU4 >0.86 0.929 0.767 

Perceived Usefulness PU1–PU5 >0.85 0.942 0.764 
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H1 

Adoption of AI Tech-

nology in GHRM → 

HRM Performance 

0.423 8.256 0.000 Supported 

H2 

Adoption of AI Tech-

nology in GHRM → 

Eco-Tourism Sustain-

ability 

0.387 7.439 0.000 Supported 

H3 

Perceived Ease of Use 

→ Adoption of AI 

Technology in 

GHRM 

0.345 6.872 0.000 Supported 

H4 

Perceived Usefulness 

→ Adoption of AI 

Technology in 

GHRM 

0.412 8.134 0.000 Supported 

H5 

Organizational Readi-

ness*Adoption of AI 

→ HRM Perfor-

mance 

0.186 3.542 0.000 Supported 

H6 

Cultural Con-

text*Adoption of AI 

→ HRM Perfor-

mance 

0.165 3.214 0.001 Supported 

The results reveal that all proposed hypotheses are supported by empirical data. 

 

 

 

 

 

 

 

 

Multi-Group Analysis (MGA) 

Table 6 presents the results of the multi-group analysis comparing the effects across five 

Asian countries. 

Table 6. Multi-Group Analysis Results 

 

 

 

 

 

Organizational Readiness KO1–KO5 >0.83 0.927 0.717 
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p < 0.05. 

The MGA results indicate significant differences across countries, with Indonesia demon-

strating the strongest effects, followed by Malaysia and Thailand, while Vietnam and the 

Philippines show relatively weaker effects. 

 

 

 

 

 

 

 

 

 

 

 

 

 

4.1.2 Qualitative Analysis Results 

Relationship 
Indo-

nesia 

Thai-

land 

Ma-

laysia 

Vi-

etnam 

Phil-

ip-

pines 

p-diff 

Adoption of AI 

Technology in 

GHRM → HRM 

Performance 

0.458 0.432 0.446 0.387 0.392 0.039* 

Adoption of AI 

Technology in 

GHRM → Eco-

Tourism Sustainabil-

ity 

0.412 0.398 0.405 0.362 0.358 0.047* 

Organizational 

Readiness*Adoption 

of AI → HRM Per-

formance 

0.223 0.197 0.216 0.154 0.142 0.028* 

Cultural Con-

text*Adoption of AI 

→ HRM Perfor-

mance 

0.198 0.187 0.173 0.142 0.128 0.019* 
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Thematic analysis of interview data from 25 participants (5 from each country) generated 

four major themes, as presented in Table 7. 

Table 7. Main Themes from Qualitative Analysis 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Integration of AI in GHRM Practices 

Interview findings reveal a variety of approaches to integrating AI technology into GHRM 

practices at eco-tourism destinations. Innovative practices identified include: 

1. AI-based recruitment systems evaluating environmental awareness and alignment with eco-

tourism values. 

2. Adaptive training platforms that personalize sustainability training content based on em-

ployee roles, performance, and learning preferences. 

3. Real-time performance appraisal systems integrating environmental KPIs and providing 

continuous feedback. 

4. AI-based reward systems that identify and incentivize sustainability initiatives and innova-

tions. 

Implementation Challenges 

Theme Description Example Quote 

Integration of AI in 

GHRM Practices 

Diverse ap-

proaches to inte-

grating AI tech-

nology into 

GHRM practices 

to support eco-

tourism. 

"We use AI to analyze sustainabil-

ity performance data and person-

alize green training recommenda-

tions for employees." (HR Man-

ager, Malaysia) 

Implementation Chal-

lenges 

Technical, cultural, 

and organizational 

barriers to adopting 

AI technology for 

GHRM practices. 

"Our main challenge is the digital 

skill gap among employees and re-

sistance to change, especially 

from senior staff." (IT Manager, 

Indonesia) 

Success Factors 

Key factors sup-

porting the success-

ful implementation 

of AI technology in 

GHRM practices. 

"Leadership support, adequate 

training, and a phased implemen-

tation approach have been critical 

to our success." (Operations 

Manager, Thailand) 

Cultural Context and 

Adaptation 

How local cultural 

contexts influence 

the adoption and 

adaptation of AI 

technology in 

GHRM practices. 

"Our strong collectivist culture in-

fluences how we design AI sys-

tems to support collaboration and 

shared decision-making." (HR 

Manager, Vietnam) 
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Participants identified several major challenges in implementing AI technology in GHRM 

practices for eco-tourism: 

1. Digital skill gaps among employees and limited access to adequate AI training programs. 

2. Resistance to change, particularly concerning data privacy concerns and fears of workforce 

reductions. 

3. Limitations in technological infrastructure, especially in rural eco-tourism destinations. 

4. Difficulties integrating AI systems with existing HRM and sustainability systems. 

Success Factors 

Key factors enabling the successful implementation of AI technology in GHRM practices 

include: 

1. Strong leadership support and managerial commitment to sustainability and digital trans-

formation. 

2. A phased implementation approach allowing gradual learning and adaptation. 

3. Comprehensive training and capacity-building programs to develop employees' digital 

competencies. 

4. Cross-departmental collaboration among HR, IT, and sustainability teams. 

Cultural Context and Adaptation 

The findings illustrate how cultural contexts across the five Asian countries influence the 

adoption and adaptation of AI technology in GHRM practices: 

1. In high power distance societies like Indonesia and Thailand, senior management support 

is crucial for legitimizing innovation initiatives. 

2. In collectivist societies like Vietnam and the Philippines, collaborative and participatory 

approaches to AI implementation are preferred. 

3. In high uncertainty avoidance cultures, clear communication and transparency about AI’s 

goals and benefits are essential. 

4. In Malaysia, a strong long-term orientation supports sustained investment in AI technolo-

gies for GHRM. 

Integration of Quantitative and Qualitative Results 

The integration of findings from both the quantitative and qualitative phases reveals several 

key insights: 

1. Quantitative results indicated a positive relationship between the adoption of AI technol-

ogy in GHRM practices and HRM performance, corroborated by qualitative evidence 

showing how AI assists employees in executing sustainability-related tasks more effectively. 

2. Quantitative analysis identified organizational readiness as a significant moderator, further 

explained by qualitative findings highlighting the importance of infrastructure, leadership 

support, and capacity-building initiatives. 
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3. Country-level differences revealed in the MGA analysis were elaborated through interview 

data, showing how cultural and contextual factors influence AI adoption and effectiveness. 

4. Qualitative data identified specific mechanisms by which AI enhances GHRM practices, 

such as personalized training and real-time feedback systems, which were not captured in 

the quantitative analysis. 

 

5. Comparison 

This study makes a significant contribution by integrating three domains that have previously 

been examined separately: AI technology, Green Human Resource Management (Green 

HRM), and eco-tourism. Compared to prior research, this study demonstrates several im-

portant advantages: 

First, unlike Kim et al. (2022), who focused solely on the application of AI in tourism in 

general, this study specifically analyzes the use of AI within GHRM practices to support eco-

tourism[21]. It also extends the research of Yong et al. (2020) on GHRM by identifying the 

role of AI as a strategic enabler, an aspect not addressed in previous studies[15]. 

Second, this study adopts a multi-country approach, distinguishing it from the work of Sun 

et al. (2020), which focused only on China[11]. Comparative analysis across five Asian coun-

tries reveals how different cultural dimensions influence the adoption of AI technology 

within GHRM practices. 

Third, in terms of methodology, the mixed-methods approach used in this study is more 

comprehensive than prior studies, which typically relied on a single method. The integration 

of quantitative (SEM and MGA) and qualitative techniques provides a richer and more con-

textualized understanding. 

Fourth, the theoretical framework developed in this study combines the Ability-Motivation-

Opportunity (AMO) Theory, the Technology Acceptance Model (TAM), and a contextual 

perspective, offering a more integrated model compared to studies such as Pham et al. 

(2020)[18], which relied solely on AMO, or Venkatesh et al. (2016)[29], which focused only 

on TAM. 

Fifth, the practical implications derived from this study are more specific and context-sensi-

tive compared to the generic recommendations offered by Scholtz and Matunhu (2023)[14], 

providing culturally and organizationally tailored strategies for AI adoption in eco-tourism 

HRM practices. 

 

6. Conclusion 

This study reveals that the adoption of AI technology within GHRM practices has a positive 

effect on HRM performance (β = 0.423) and eco-tourism sustainability (β = 0.387). Per-

ceived ease of use and perceived usefulness emerged as significant predictors of AI technol-

ogy adoption, while organizational readiness and cultural context were identified as im-

portant moderating factors. 
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Significant cross-country variations were observed, with Indonesia and Malaysia demonstrat-

ing stronger impacts compared to Vietnam and the Philippines. Qualitative findings identi-

fied specific mechanisms for integrating AI into GHRM, such as AI-based recruitment sys-

tems that assess environmental awareness and adaptive training platforms. 

The theoretical contribution of this research lies in the development of an integrative frame-

work that combines AMO and TAM theories within the eco-tourism context. Its practical 

implications include providing guidance for developing AI adoption strategies that are tai-

lored to cultural contexts. 

The study's limitations include its cross-sectional design, which restricts causal inference, and 

its focus on five Asian countries. Future research is recommended to adopt longitudinal 

designs, expand geographic coverage, and explore specific AI mechanisms such as machine 

learning to further support GHRM practices in eco-tourism. 
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